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generalizable image classification? 1 'mage classification accuracy with the improvements to top-1 image classification = X timodal model
CLIP ViT-L/14 model. accuracy when compare to the CLIP ViT- e e mu T.'mo dimodetcan
/14 baseline ;ﬁé distinguish between multiple
similar classes
CHALLENGES Flowers 102
1. Models with low capacity often CLIP ViT-L/14 ACKNOWLEDGEMENTS
sufter from underfitting and thus P, Base I would like to thank Dr. Hyo Lee, Dr.
ynderperform on .flne—grolned S Ensemble Rebecca Williams, and Sarah Pratt
Imcge C|OS§|f|CO’rlon. | Bishop of Llandaff L[|)Gh@|||0ff?|3h0p of CLIP VT 1 for their many helpful discussions
2. Itis gssenf|al ’r.o ensure high- ijivgr krIWSOf/]Vﬂ o Average and feedback on this proposal.
quality data with rich cross- e dark red or Templates
modal representations of each
maroon flowers |
class, which often can be and dark foliage.” sverage .CONTA CTINI:.O
challenging to generate. . javonh@cs.washington.edu

CLIP Accuracy: 0% Ensemble Accuracy: 45% 3«2 hﬂ'ps'//jgvon dev
‘-;I‘.

- 4
L% e
*e B ™™
. -_’J‘,Q"'.-_ AN‘. N
> e - ™ - s
4 h
- - 4 »

- 4
R .
L 13 J |l'.l|."l¢'h ”t‘.v - )



